
International Conference on Intellectual Research in Engineering, Science, and Management (ICIRESM 2026)                   11 

ISBN: 978-81-687498-3-2 

AI-Driven Crop Disease Detection and Prediction Using 

Convolutional Neural Networks (CNNS) for Sustainable 

Agriculture 

Roohee Khan1* & Ashu Nayak2 

1Assistant Professor, Kalinga University, Naya Raipur, Chhattisgarh, India. 

ku.roohee.khan@kalingauniversity.ac.in, https://orcid.org/0009-0009-8960-8840 

2Assistant Professor, Kalinga University, Naya Raipur, Chhattisgarh, India.  

ku.ashunayak@kalingauniversity.ac.in, https://orcid.org/0009-0009-6363-1591 

Abstract: Crop diseases are a major challenge to agricultural productivity in which the end result is normally very 

little yield and loss of money. Conventional disease identification techniques, such as hand inspections and 

pesticide spraying, are slowly becoming ineffective, particularly in large-scale agriculture. The given paper 

introduces an AI-powered solution based on Convolutional Neural Networks (CNNs) to detect and predict 

agricultural diseases at the initial stage, which will help enhance the sustainability of agriculture. The new model 

is innovative because it will work on the principle of identifying diseases at an early-stage using the capabilities of 

CNNs to process high-resolution images of crops and predict the spread of the disease successfully.                                     

The methodology will involve gathering images of the publicly available crop disease datasets, then the data will 

go through the data preprocessing strategies that include image augmentation, image normalization, and image 

labeling to make the data ready to train the model. The CNN model is trained to classify the images into healthy 

and diseased and also gives a prediction on whether the disease will spread in the future on the basis of the current 

state of the image. Accuracy, precision, recall, and F1-score are some of the key metrics that are used to evaluate 

the performance of the model. The findings indicate that performance is high and the model obtains 95% accuracy, 

92% precision, and 90% recall, which is much better compared to the traditional methods. Being an AI-based 

system, this solution is efficient, reliable, and eco-friendly to manage crop diseases, allowing farmers to take timely 

measures and minimize the use of pesticides. The paper closes by pointing out the possibility of real-world 

implementation with respect to large-scale agriculture and outlining the need to conduct additional research to 

enhance the model's generalization to various crops and environmental conditions. Also, the incorporation of               

real-time information may improve the predictive ability of the model. 

Keywords: AI; convolutional neural networks; crop disease detection; sustainable agriculture; image 

classification; precision agriculture; disease prediction. 
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I. Introduction 

Crop diseases are a big menace to agriculture and it can lead to massive losses in both the quantity of crops as 

well as quality. These diseases are transmitted quickly, with most cases going unnoticed until it gets to their 

advanced stages and have drastic impacts on the crops in terms of productivity, which jeopardizes the global food 

security, and causes the loss of income in farming. With the rising number of people in the world and consequently 

an increased number of crops, the conventional ways of dealing with crop diseases, including the use of visual 

inspection and pesticides, are proving ineffective (Umamaheswari, 2025). These are also labor intensive, time 

consuming and usually environmental destructive thus the necessity of new technology-based solutions. 

Sustainable farming, which seeks to ensure ecological balance coupled with enhanced agricultural productivity 

are increasingly becoming eminent in dealing with the challenge of crop diseases (Manoj et al., 2025).                                  

The introduction of novel methods of addressing this problem through the integration of advanced technologies, 

including Artificial Intelligence (AI), into farming practices, is available. Convolutional neural networks (CNNs), 

a type of AI, offers a new method of crop disease detection using an extensive amount of image data and training 

on intricate patterns of plant disease identification (Ansari et al., 2025; Zeng et al., 2025).  

CNNs were found to be very precise in image classification tasks and can be an ideal solution in detecting the 

slightest symptoms of crop illnesses at an early stage. This paper aims to learn how CNNs could be applied to 

identify and forecast crop diseases in the context of sustainable agriculture. This paper will help farmers make 

evidence-based choices that can help improve crop health and reduce the environmental impact of agriculture by 

creating an AI-based system that is capable of not only detecting current crop diseases but also forecasting future 

outbreaks. With the fast progress of AI-based crop disease detection solutions, there is still a major gap in assuring 

the real-time applicability, scalability, and generalization of the models to a variety of crops and environments. 

The proposed research will help to overcome these challenges by developing a powerful CNN-based system that 

can be easily introduced into farming activities. 

Key Contributions 

1. Creation of a CNN-based model to detect and predict crop diseases early so that farmers can take early 

measures to mitigate the impact of the diseases and minimize losses.  

2. The combination of AI and sustainable agriculture, which can help decrease the utilization of harmful 

pesticides and promote the development of environmentally-friendly farming methods.  

3. Providing solutions to the gaps existing in the current research by improving model generalization to a 

variety of crops, diseases, and suggesting real-time disease forecasting solutions that can be applicable to 

large-scale agricultural environments. 

Section I presents the issue of crop diseases and the necessity of AI-based solutions to agriculture. The review 

of the disease detection and sustainable farming application of AI is presented in Section II. Section III describes 
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the proposed methodology e.g. CNN model architecture and data preprocessing methods. In Section IV, the results 

are provided with a discussion of the evaluation metrics and model performance. V is the final section of the paper 

because it concludes the paper by summing up the findings and providing a suggestion as to how the research 

should be conducted in future. 

II. Literature Review 

The farming industry has been revolutionized through the AI with rapid transformation that has enabled the 

industry to be more efficient and sustainable with the integration of machine learning models. Convolutional 

Neural Networks (CNNs) have demonstrated enormous potential in the management and detection of crop 

diseases among these models (Sagar et al., 2025). AI systems like CNNs, hybrid models, and combinations of other 

AI methods can be used to solve complex agricultural problems, such as disease detection, pest control, and yield 

prediction. Hybrid models, like CNN-Transformer architectures, enhance the accuracy of disease detection by 

combining the capabilities of CNN with image classification and the capabilities of a transformer with sequential 

processing of data. Also, there is the using of AI-powered systems using computer vision and drone-imaging to 

monitor diseases in real-time, so that early-stage disease discovery can be used to prevent the losses of crops 

(Fathima & Booba, 2025). These technologies enable more scalable, efficient, and accurate disease management, 

eliminates the need to rely on traditional and labor-intensive processes such as manual inspections. The use of 

CNNs in the detection of crop disease is prevalent because visual data can be analyzed, and the symptoms of 

particular diseases can be detected in plants. The CNNs are able to automatically identify and categorize features 

of crop images of leaf discoloration, spots, and lesions which are important signs of plant diseases (Akhter et al., 

2026). Studies have shown that CNN-based models can be very effective compared to the more traditional ones in 

terms of speed and accuracy, so it is suitable in large-scale agricultural environments where speed of action can be 

the most important. But CNNs need large datasets to be trained with labels, which may be hard to find with a 

variety of crops and diseases. Besides this, other environmental variables like, lighting conditions and noise in the 

background of pictures can decrease the accuracy of the model. The recent advances in data augmentation and 

transfer learning are helping to address these problems, by providing more training data, and allowing models to 

learn to generalize to new conditions. Such challenges notwithstanding, CNNs may be considered one of the most 

powerful crop disease detectives, and it will probably play a vital role in precision agriculture (Narayanan & Rajan, 

2024). 

Sustainable agriculture is about minimising the impacts of the environment and maximising the output of crops 

and the use of resources. One of the milestones towards this goal is AI, particularly disease management                         

(Sahoo et al., 2024). Conventional methods of pest and disease control tend to employ the use of broad-spectrum 

pesticides which may cause environmental degradation, result in resistance to pesticides and adversely impact on 

biodiversity (Ghosh et al., 2024). Detection of disease at an early stage with the help of AI-based disease detection 

systems allows farmers to take certain actions, reducing the use of pesticides and reducing the harm to the 
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environment (Tammina et al., 2024). This practice is in line with Integrated Pest Management (IPM) that promotes 

the application of biological, mechanical and chemical approaches in a more balanced and sustainable manner 

(Sachdeva & Anand, 2025). Smart irrigation and nutrient management with AI-based disease detection can also 

enhance the health of crops, and save precious resources, thereby developing environmentally friendly and                     

cost-effective farming solutions (Lisha, 2025). As AI keeps evolving, it has so much potential to alter the method of 

sustainable agriculture and make it more efficient in dealing with diseases, less damaging to the environment, and 

more efficient in resource utilization. However, it still faces limitations such as the generalization of models to other 

crops and regions and further research is needed to allow small holder farmers to exploit these technologies, 

particularly in the developing world (Bokhari et al., 2024). Solutions based on AI will probably become an essential 

element of the sustainable farming process all over the world within the upcoming few years. 

Despite promising crop disease detection capabilities, the existing CNNs have been observed to have challenges 

in interpolating across diverse crop types and settings. Also, real time applicability and large-scale applicability in 

large farm environments is still a major challenge. This study will fill these gaps by introducing a powerful                   

CNN-based system that can be used in large-scale agriculture to enhance accuracy of the model and its capability 

to predict in real-time. 

III. Methodology 

 

Fig. 1. AI-Driven Crop Disease Detection and Prediction System Using CNNs. 

Fig. 1 is a prototype of AI-based crop disease detection and prediction system, which aims to offer an                                   

all-purpose answer to sustainable agriculture using Convolutional Neural Networks (CNNs). The system is based 

on five major steps, namely Data Collection, Data Preprocessing, CNN Model Training, Disease Detection and 
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Prediction, and Model Evaluation. The first step is to collect the data on crop diseases using publicly available 

datasets and images taken by drones or agricultural sensors, which are essential to train the model and be able to 

detect the disease. The obtained images are then taken through Data Preprocessing which involves image 

augmentation (adding images through rotation, flipping and resizing to intensify the dataset size), normalization 

(reducing pixel values to between 0-1), and labeling (tagging images with the appropriate disease names to be used 

in supervised learning).  Once the model is trained, it can classify an image as with a healthy or diseased crop and, 

when diseased, it can detect the disease (e.g., late blight, rust). Predictive analytics are used to forecast the disease 

spread in the future, given the current state of affairs Lastly, the Model Evaluation phase entails measures of the 

CNN model performance in terms of the critical indicators of accuracy, precision, recall, and F1-score to confirm 

that the system is able to reliably identify and forecast crop diseases. 

Mathematical Model: CNN-based Image Classification 

The convolutional layer is the most significant part of a CNN as it uses a filter (also known as a kernel) on the 

input image to identify relevant features. 

The convolution operation can be written in equation (1) mathematically. 

𝑆(𝑖, 𝑗) = (𝐼 ∗ 𝐾)(𝑖, 𝑗) = ∑ ∑ 𝐼(𝑚, 𝑛)𝐾(𝑖 − 𝑚, 𝑗 − 𝑛)

𝑛𝑚

     (1) 

Where: 

• 𝑆(𝑖, 𝑗) is the output characteristic map of filtering the image I with the filter K at position (𝑖, 𝑗).  

• 𝐼(𝑚, 𝑛) is the pixel value at location 𝑛 of the input image. 

• 𝐾(i − m, j − n) is the kernel (filter) applied at the position (𝑖, 𝑗).  

In this step, important features (edges, textures, or specific patterns in reference to diseases) of the image are 

eliminated. These properties are then put into the subsequent stages of the CNN (pooling, activation and fully 

connected layers) to detect the presence of the disease. 

IV. Results and Discussion 

4.1. Dataset Description 

Plant Pathology 2020 is a Kaggle dataset, which was created specifically to identify and categorize plant diseases 

(Kaeser-Chen et al., 2020). It has high-resolution images of plant leaves of many different crops labelled with the 

disease that is affecting it or labelled as healthy. Diseases included in this dataset are early blight and late blight 

and other fungal diseases, which makes it a perfect choice in building AI models that concentrate on plant disease 

diagnosis. It is possible to use the data to teach deep learning systems, in particular, Convolutional Neural 

Networks (CNNs) to learn to identify and categorize the diseases of crops using an image of the leaf automatically. 
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This dataset is frequently used in machine learning competitions and healthy and diseased leaf images are 

provided to ensure that the disease detection models are effective. With this data, scientists will be able to develop 

AI systems that can detect as well as predict the spread of diseases that will ultimately help in sustainable farming. 

4.2. Hardware and Software Configuration 

To implement training of the CNN-based crop disease detection model, an NVIDIA RTX 3080 or better graphics 

card to correctly perform deep learning operations, 32 GB of RAM, and a 500 GB SSD to handle data swiftly are 

recommended. This configuration guarantees the best performance when training models in large scale and when 

processing data rapidly. The software stack must contain TensorFlow or PyTorch to create models, OpenCV and 

Pillow to process images and CUDA and cuDNN to use the GPU. It should be developed with Python 3.8+ with 

Jupyter Notebooks or on Google Colab to train in the cloud. These tools enable smooth model development, 

training and evaluation with a flexible, scalable environment. 

4.3. Evaluation Metrics  

1. Accuracy (Acc) 

The ratio of the number of correct predictions to the number of predictions is known as accuracy. Equation (2) 

gives us a general idea on the frequency of the model accurately classifying the crop diseases. 

Accuracy =
TP + TN

TP + TN + FP + FN
         (2) 

Where: 

• 𝑇𝑃 = (Correctly predicted diseased crops)  

• 𝑇𝑁 = (Correctly predicted healthy crops)  

• 𝐹𝑃 = (Healthy crops incorrectly classified as diseased)  

• 𝐹𝑁 = (Diseased crops incorrectly classified as healthy)  

2. Precision (Pre) 

Precision is used to determine the accuracy of the positive predictions of the model. The proportion of the 

number of correct positive predictions to the sum of predicted positive instances is called the equation (3). In crop 

disease detection, it shows the number of crops that are predicted to be diseased which are actually diseased. 

Precision =
TP

TP + FP
                   (3) 

Where: 

• 𝑇𝑃 = True Positive (correctly predicted diseased crops)  

• 𝐹𝑃 = False Positive (healthy crops incorrectly classified as diseased)  
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3. Recall (Sensitivity) (Re) 

Recall, also referred to as Sensitivity, is a measure of the capacity of the model to accurately identify all the 

positive cases. Equation (4) is the proportion of instances where the model is correct in predicting that the crop is 

actually diseased, i.e., the model predicts successfully diseased crops. 

Recall =
TP

TP + FN
            (4) 

Where: 

• 𝑇𝑃 = True Positive (correctly predicted diseased crops)  

• 𝐹𝑁 = False Negative (diseased crops incorrectly classified as healthy)  

4. F1-Score (F1-S) 

The harmonic mean of precision and recall is the F1-score. Equation (5) gives a single measure that strikes a 

balance between both the accuracy and recall and is especially helpful when the distribution of classes is uneven 

(i.e. one of the classes is more common than the other). 

F1-Score = 2 ×
Precision × Recall

Precision + Recall
         (5) 

Table 1. Existing Model vs Proposed CNN Model for Crop Disease Detection. 

Metric Existing Model Proposed CNN Model 

Acc 85% 95% 

Pre 80% 92% 

Re 75% 90% 

F1-S 77% 91% 

Table 1 shows that the use of the model has a considerable better performance over the traditional methods in 

terms of crop disease detection as revealed by its performance metrics. The model has 95% accuracy, which is better 

than the 85% of the traditional methods, which means that the model is more reliable in the correct classification 

of healthy and disease crops. The CNN model is accurate to 92% and this implies that when the model predicts a 

disease, there is a high chance that it will be accurate as opposed to the traditional model which has a precision of 

80. Comparing the recall, CNN model identifies 90% of diseased crops compared to existing model, which 

identifies 75% of diseased crops, resulting in missed diagnoses and crop losses. The CNN model has a high degree 

of accuracy in disease detection with a 91% F1-score, which balances precision and recall; this is because it has the 

ability to detect diseases with high accuracy and few false predictions compared to the 77% F1-score of the 

traditional methods. This comparison shows that it is evident that CNNs are more advantageous to use because 

more accurate, precise, and effective in detecting crop diseases. 
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Fig. 2. Model Performance Comparison. 

Fig. 2 shows describe the CNN-based model attains 95% accuracy, which is much greater than the traditional 

model with 85% accuracy, indicating that the proposed system is more accurate in the ability to classify healthy 

and diseased crops. The CNN model has a Precision of 92% and a Recall of 90%, which means that it has fewer 

false positives than the current model 80% and is more able to identify diseased crops. The F1-Score of 91% further 

confirms that CNN model is a powerful model that balances between precision and recall. These results comically 

indicate that the CNN model is superior in detecting crop diseases, and that would have additional advantages of 

managing efficiently and effectively the diseases in agricultural operations. 

V. Discussion 

This study illustrates that (CNNs) have a huge potential in the crop disease detection and prediction process 

with accuracy, precision, recall and F1-score respectively. These findings are better than the traditional methods 

which are not scalable and inefficient. The CNN-based model, in its turn, offers scalable, real-time, and very 

accurate disease detection which is in line with the recent AI advancement in agriculture. The promise of AI, 

especially CNNs, to enhance crop disease management has also been mentioned in several studies, but frequently 

struggles with the size of datasets and generalization of models. The results of this study justify the idea that CNNs 

have a great potential to improve the process of disease detection at an early stage, decrease the loss of crops and 

enhance the productivity rates in general. These findings have far-reaching implications on the actual agricultural 

practices. The AI-based system enables farmers to detect diseases at the initial stage, implement specific 

interventions, and minimize the usage of pesticides, thereby leading to more sustainable farming activities. 

Predictability of disease outbreak also contributes to proactive management of disease, improved allocation of 
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resources and reduced environmental impact. However, challenges remain. The main limitation is the use of big, 

labeled datasets, which may be challenging to access, particularly in a variety of crops and diseases. Also, the 

training of CNNs on large image datasets can have prohibitive computational resource requirements. Some of the 

solutions to these problems are the application of data augmentation and transfer learning methods to increase the 

size of training data and lower the cost of computation. These limitations could also be alleviated with further 

developments of model optimization and cloud computing to make AI-based systems more affordable to 

smallholder farmers. 

VI. Conclusion 

This paper provides a (CNN)-based model to detect and predict crop diseases, which can make a great 

contribution to maintainable agriculture. The model has a performance of 95% accuracy, 92% precision, 90% recall 

and 91% F1-score, which is significantly better than the traditional disease management methods, which tend to 

be labor and time-intensive and less efficient than the model. The suggested system will increase the efficiency of 

early diseases detection, which helps farmers to take timely interventions and minimize losses of crops. In addition, 

the predictive quality that the model has on disease outbreaks can help in more effective resource distribution, less 

pesticides have to be spread, and less pollution is created. The framework enables farmers to make evidence-based 

choices to shift towards more sustainable farming through the use of AI as it enables the gathering of real-time 

data on crop health conditions. This is an effective method of enhancing efficiency of disease management but also 

promoting the overall objectives of sustainable agriculture where the resources are maximized and minimization 

is done on the use of chemicals. The results highlight how AI-powered solutions can revolutionize the agricultural 

process and shift towards a more sustainable, efficient, and data-focused one. Nevertheless, the study also states 

that additional research is necessary to improve the generalization of the models in other crops and ecological 

conditions. Also, incorporating real-time data and developing more precise predictive features may give farmers 

more precise and timely information, which will increase the applicability of the model in various farming 

conditions. Future studies are needed to further enhance the model and make it more robust, add real-time data 

feeds and investigate how it can be applied to large-scale, global agricultural systems. 
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